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Abstract: As one of the most popular social network platforms, microblog is an important way for
people to express their views and feelings. Psychological research shows that personality influences the way
people express their feelings. In view of the problem that personality is rarely considered in sentiment clas-
sification of microblogs, this paper proposes a microblog sentiment classification model, P-BiLSTM-SA,

based on BiLSTM + self-attention and combining personality factors. According to "Big Five" theory, the
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model will first group the microblog texts into different personality groups based on users’ personality.

Then, the BILSTM model and the self-attention mechanism are combined to train the basic classifiers of

each group. Finally, the ensemble learning method is used to fuse the basic classifiers and output the final

affective labels. In order to verify the effectiveness of self-attention and personality in sentiment classifica-

tion, two groups of comparative experiments were conducted. The results of the first group of experiments

show that,based on the comprehensive average performance of the four evaluation indicators of accuracy,
precision, recall rate and F, the P-BiLSTM-SA proposed in this paper improved 0.036, 0.017 and 0.025,
compared with the model P-LSTM, P-BiLSTM and BiLSTM-SA. It shows that the self-attention mechan-

ism can effectively learn the key information of the text. The results of the second group of experiments

show that compared with the BILSTM-SA without personality factors, the accuracy, precision, recall and F

of the proposed model P-BiLSTM-SA is improved by 0.012 on average, indicating that the combination of

personality factors is useful for sentiment classification.

Keywords: sentiment classification; personality; microblog; self-attention; BiLSTM
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Epochs 300
Bach_size 100 1) 5 BiLSTM-SA #{ ¥, P-BiLSTM-SA 1) Jg&
Hidden_size 7 SRR AT, AR Rl A MRS PR 2 % T AR S 4
P-LSTM D: t 0.5 N
o HEAT W
Ir 0.01
2) fi A BiLSTM-SA #1 # %I P-BiLSTM, 7F
Epochs 300

% 6 BILSTM-SA #1 P-BiLSTM-SA 3% &

Fi 28 Hife
Bach_size 128
Hidden_size 128
Att_size 100
BiLSTM-SA
Dropout 0.5
Ir 0.01
Epochs 300
Bach_size 128
Hidden_size 128
Att_size 100
P-BiLSTM-SA
Dropout 0.5
Ir 0.01
Epochs 300

3) K5 #ffi % (precision) : B 1E B T I A AR A (79
) B TR SCAS B i o I e T kg R (T AR ) 7Y
T SCA B 1 H 481

4)F {H(F, score) : FHORS B R F1 43 1] 28 (14 i AL
IR E], F o (EBK, BRSO AT .

F 2 x precision X recall
1 =

precision + recall

34 RIFERS AL
341 AL ER

TEASCREAI, SR T A B LSRR 2= 2N
(] A G B P 8 SOAS R AP AIE . 7R A (] 5
I 4 1 LAl b, R AR SO B A B P-BILSTM-
SA 5 P-LSTM® | P-BiLSTM®P L K A< it APE#% A
R BILSTM-SARY 547 T X b o HEXT L S5
GERNFR 7 PR

4 FpAE bR b R IAR T, 10 7B AL I R 7R
L [ AL AR AR R T R 2 R A IR R
T ELAR I P A X SCAS 73S A ] B B 52 BOAS []
PEAR AFAE . 2 b 7 2 RO G SCA B 155 I 43 26
AR

3) 5 P-BiLSTM # L, P-BiLSTM-SA 7F iff: fif
KR GEPRA F, BESETET 0.017, Ui
AT A 1 2 I HLI DG SCAS 1 Jmy 0 DG B4R X
TR A —E A .

BN, L A 3 AR A AR SRR A HE R
AW R R P ERBCR AL, W]
I FH AP XL SO T4 28, i A
AU ) B TR T HLE eSS A B X b 2 > B[R]
PR BT Z UE BRI, DT R T4 15 8 o2
ROR o [FI, J8 2k 88 B > 7 Rl G 4% 40 26 v i
W Tz AR 2E
342 S ERIEERTIL

PEAS S N B RIBTT o O T B e AR X 1
AT A M, AR SCREICT 53 AMIRHUAY 11 f7 1
T P BB SCAR (24 1 400 4%), 3£F P-BILSTM-
SA 5 #1 A1 BILSTM-SA 58 Ly k47 17 UK, U
REE R 8 i/, P-BiLSTM-SA % AI7E 4 S F
Wragbr LRI BAL T BiLTM-SA, FRXIER T
SO AR R . O T AN R X L
X 2 MR PR, 26 9 45t T — LS4 B
PRSI ZE XTI . AT LA Hh: HC PEAS (09 P 3l
BATHEC N H A A HE PEAS 09 P 58 i A
18, WU HA PEAS I P ad s B KO <87
W AETE SR LE PEA% B H P 7 R IR TG 25 0 T B
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VBB 45 3T BILSTM+Self-Attention 14 22 A% I I % 8 432k 75

A RFIE; SCAS (3) FISCAR (5) AR AR AE e iR A\ fE
JIAEE, AR T AR B 201807 2 BT 22 5%, B
A 2 A SCAR B B 5 TG 4 AN T SCAS (6) MISCA
(7)HRAE BB 2%, i e BT P (B 1] T B
li = 2k 75 2, AR B 7 i 2k 07 s AR

# B FRRE R Wt e A . AR
#57 P-BiLSTM-SA RE 7E VIl 2k v B 4 b 2 > 3] 53X
LR Z G IS B, NI HE T T ol 1o ) 1 ek 2
WO,

% 8 P-BiLSTM-SA 5 BIiLSTM-SA SZEG 45 BT L

UFAR L, B & 3K 2 A5 SCA G o SRR Hom MR AER R R
BRSNS, FIK IO BB PE QAR H BiLSTMSA 072 074 0m7 o2
S 2 AN FH P 7 T 2K M A% 7 T 1 5 A R P-BiLSTM-SA 0.725 0.726 0.728 0.724
%9 R P-BILSTM-SA FIFA BILSTM-SA #4332 i Fil i 45 4 He
S P T SCA BiLSTM-SA  P-BiILSTM-SA  H.EEFR%E
(1) HE.HC.HA A, ibiZghmaile, PRDHMR, REAFON LA SRR ZWHE) positive positive positive
(2) LE.HC SR EEARE g, WIHINZ 55 R RK, TARMAT, (MR 5018 B, Tomaarsn 2 negative negative negative
(3) HE, HC LR T, KA RAFT, 45T negative positive positive
(4) LE B, KT, O T AR ) A O A A B R 2 32, 1 positive negative negative
(5) LA AL, AL T, I positive negative negative
(6) LA,LE — A NIEAFUFIE 14, BRI, TS, A L0t 250 negative positive positive
(7) HA.,HE OB negative positive positive
4 Hp SR [C1/ABRITASE A SO A Sl B4 . 8]

AR SCHE T AN R A (0 8 P A 2 1 S
BAAHF R, B2 T —Fh 2 G s I R TR
“f3J BRI P-BiLSTM-SA, %7 k% &3 BiLSTM
B~ > SUARTI G SCESRAR B, T 2SO R RFIE
HIAEE, LFIR self-attention #IL I 6 78 A B BRAE 11
FEE, AR T RZ R BRIl S
BE T A SO AR

FEHERN I, GRS . BUOCF AR A%
IR IERIIE AR Z —, AR ] 5 NG e R 40 AN
Barprz . R, P2 P ERME R ZEE
TRA W R, Han: “F8 4K very happy”,
R 2K AT 25 RN M2 SUAS AT 5 5 2 o L 48 17 R
IR
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